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MODULE 4

- Consider a medical diagnosis problem in which there are two alternative hypotheses: 1.
that the patient has a particular form of cancer (+) and 2. That the patient does not (-). A
patient takes a lab test and the result comes back positive. The test returns a correct
positive result in only 98% of the cases in which the disease is actually present, and a
correct negative result in only 97% of the cases in which the disease is not present.
Furthermore, .008 of the entire population have this cancer. Determine whether the
patient has Cancer or not using MAP hypothesis.
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$.. Apply Naive Bayes classifier for PlayTennis concept learning problem to classify the
following novel instance

< Outlook = sunny, Temperature = cool, Humidity = high, Wind = strong >

Day | Outlook | Temperature | Humidity | Wind PlayTennis
D1 Sunny Hot High Weak No
D2 Sunny Hot High Strong No
D3 | Overcast Hot High Weak Yes
D4 Rain Mild High Weak Yes
D5 Rain |[* Cool Normal | Weak Yes
D6 Rain Cool Normal | Strong No
D7 | Overcast Cool Normal | Strong Yes
D8 Sunny Mild High Weak No
D9 Sunny Cool Normal | Weak Aes
D10 Rain Mild Normal | Weak Yes
D11 | Sunny Mild Normal | Strong Xes
D12 | Overcast Mild High Strong Yes
D13 | Overcast Hot Normal | Weak Yes
D14 Rain Mild High Strong No
Table: Training examples for the target concept PlayTennis
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