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8. C The following table gives data set about stolen vehicles. Using Naive Bayes classifier |
classifythe new data {Color = Red, Type = SUV, Origin =Domestic}

Color Type Origin Stolen
Red Sports Domestic Yes
Red Sports Domestic No
Red Sports Domestic Yes
Yellow Sports Domestic No
Yellow Sports Imported Yes
Yellow SUV Imported No
Yellow SUV Imported Yes
Yellow SUV Domestic No

Red SUV Imported No

Red Sports Imported Yes
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